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(Multi-Agent Reinforcement Learning: MARL)
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Asynchronous Advantage Actor-Critic(A3C)
[Mnih+, 2016]
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Self-other modeling (SOM) [Raileanu+, 2018]
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[1] Mnih, V., et al. “Asynchronous methods for deep reinforcement learning.” arXiv, 1602.01783, 2016.
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Coin Game [Raileanu+, 2018]
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